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Abstract

Thousands of reports are published yearly by brgeehmuses and investment banks, providing trading
advice to investors and forecasts concerning thedunarket price of stocks (the so called targieep).
Using a database of reports concerning blue clgpsdl on the Italian stock market, we have measured
the forecasting ability of equity analysts in det@ing target prices. After having discovered
considerable levels of inaccuracy, we have expltiedveight of the various factors potentially affieg

the accuracy of different analyst firms. More psety, we have worked on two alternative assumptions
the no-conflict hypothesis (the analysts’ errors are due to the intrinsididifty of the task) and the
conflict-of-interest hypothesis (the analysts’ errors are partly or mainly du@mooptimistic bias aimed at
securing/retaining investment banking clients ob@asting trading activity). In a context of geriesed
excessive optimism of equity analysts, our evideswgports the first hypothesis, showing even aaiert
over-pessimism of the most active traders and invest bankers.
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Introduction

Thousands of reports analysing the economic petisps of listed companies
are spread each year by major investment bank&ekt@ge houses and specialised
research firms in all countries where a developpdty market exists. A typical equity
research report contains — beyond a qualitativerge®n of the methodology and the
data used by the analyst — some typical summaoyrirdtion: the date of the report, the
current market price of the analysed stock, a #seconcerning the future earnings of
the firm, a target price and an investment recontagon. The latter three elements are
particularly important for the readers of the repor

Earnings forecasts are especially analysed by iokes the US market, where
listed companies have the habit of distributingainds quarterly and where the level
of this dividend distribution is analysed with gt deal of interest by investors who
“read” earning surprises as very important piecésntormation on the health of
companies. In European markets, where the annstaibdition of dividends is the norm
and where the dividend policy of listed companieunder less intense scrutiny by
investors, the earnings forecasts made by anaystkess influential and read as one of
the many elements driving target price determimatibhe target price or fair value
represents a forecast of the market price the stbaduld reach, according to the
analysts’ opinion, in the future. The forecast sially referred to a 12-month time
horizon, but not all analysts clearly specify tingortant aspett The recommendation
is a trading advice given to the investor and isallg articulated in a 3-level ranking
(buy, hold or neutral, sell). Some analysts uselevél ranking (strong buy, buy, hold
or neutral, sell, strong sell), but the trend améimg major actors in the sector is to
move towards an homogenous 3-level ranking, whihless ambiguous for the
investors and facilitates comparisons among diffe@nalysts’ judgments. The buy
(sell) recommendations are usually associated pmsative (negative) return on the
stock higher than 10 per cent. Different analybtsyever, use different criteria and
scales for defining their recommendations. Consetlye the comparability of

! Very rarely, however, the analyst specify a timeizon other than 12 months. Thus, either the fastc
is stated without a clearly specified time framétds presented as a 1-year-ahead price.



recommendations provided by different analyst firmslimited and requires some
caution?

Equity research reports are most often producedelgarch departments of
investment banks and brokerage houses. Some miajeg &re active worldwide and
publish reports on stocks listed on different nadlomarkets, other analysts are more
focused on a single marketplace or a single ingustr any case the role played by
independent specialised research firms is rathergima. In fact, the revenue
generating capacity of research activity tendse@uite limited. Most often the reports
are offered to clients as a part of a packet ofiotimancial services, cross-subsiding the
research activity. This cross-subsidisation and khek of independent research
represent a fertile ground for conflicts of interasdich can damage the quality and
objectivity of the research produced. In particukmalysts may be under pressure to
produce over optimistic reports either to gain @ain important investment banking
clients or to boost trading and the related tradingimission flow or to push up the

value of a stock overweighted in the proprietargtfiptio of the intermediary.

During the last two decades equity analysts’ #@gtivas been put under intense
scrutiny by the academic community and, in a fewcasons, by the judicial
authoritie. Academic literature has explored the phenomenodew three major
perspectives. On one side, some researchers hege¢drtest and measure the ability of
analysts to offer a valuable service to their ¢limvestors. Under this point of view
many questions have been addressed: do the pricegwaks and the volume traded

react to the issue of a new report changing thevigme earning forecast or

2 Not only the threshold of expected return thatliiga a recommendation as a buy varies from analys
to analyst, but also the very definition of thitura. In some cases the definition is referrednt@Bsolute
level of return, in other cases it is referred moexpected over (under) performance relative toagket
benchmark.

% The potential optimistic bias originating from ttrading activity of the analyst firm is related ttoe
difficulties and costs most investors experienciaking short positions, not only in less developtatk
markets, but even in the leader Us marketplacess,Tatbuy recommendation is likely to generate a
greater flow of negotiations than a sell recomménda

* The most famous and interesting case is the ingeled by Eliot Spitzer which resulted in tBéobal
Research Analyst Settlement signed with the Securities Exchange Commissiotthényear 2003, by ten
major investment banks charged for inappropriatebieurs, due to conflicts of interest, in theisearch
production and diffusion (Bear Stearns, Citigro@redit Suisse First Boston, JP Morgan, Lehman
Brothers, Merryl Lynch, Morgan Stanley, UBS, US BamcPiper Jaffray).



recommendation or target price? If an abnormalrnetan be associated to the issue of
a report, is it short-lived or does it produce ager-term price drift in the direction
forecasted by the analyst? Can investors profinfemy abnormal return associated to
the issue of a report through a feasible tradiragesgy?

The second line of research has explored thetyabiliequity analysts to provide
accurate forecasts. Various accuracy metrics haga devised to measure and compare
the forecasting performance of different individ@adalysts or brokerage firms. The
major questions addressed under this point of \nawe been: are the equity analysts
good or bad forecasters? Do analysts exhibit gerislifferences in their forecasting
ability? Which major factors affect the forecastipgrformance? Are investors able to
recognise and reward the different forecastingtgwf the analysts?

The third line of research has focused on theliwbrdf interest problem. As
already mentioned above, there are many reasateutat the objectivity of analysts. In
particular, there are important factors pushing #malysts towards an excess of
optimism in their forecasts. Thus many researcherge been trying to prove the
existence and the effects of the conflicts of iesér The issue has been explored under
many different points of view: do analyst firms éihdifferent degrees of optimism
and which factors affect the relative optimism? D relative performance and
accuracy of different analyst firms depend on thtensity of their investment banking
and/or trading businesses? Do recommendationsddsuaffiliated versus unaffiliated
intermediaries present different performance in ¢hse of IPOs? Do the differential
optimism of individual analysts affect their car@erspectives? Do reputation concerns
represent an effective counterbalance in reducirey lias due to the conflicts of

interest?

This study belongs partly to the second and paetlthe third line of research.
Specifically, we focus our attention on the accyraicanalyst firms in their target price
forecasts. We first measure the degree of accuhmoygh different alternative metrics.
Having verified impressive levels of inaccuracy, egplore the weight of various
factors potentially affecting the accuracy of diffiet analyst firms. On one side, the
errors made by analysts could just be explainetheyntrinsic difficulty of forecasting

a 1-year-ahead stock price, whatever the experiandethe reputation of the analysts



firm. If so, bolder forecasts would be less likdly be met. Likewise, forecasts

expressed during periods characterised by stromggrket momentum would be

associated to a larger degree of inaccuracy. indille to the predominance of a good
or bad “luck component”, we should not verify pstant superior forecasting abilities
or inabilities across our sample of analyst firms.

On the other side, the level of accuracy couldriflerenced by the exposure of
the analysts to conflicts of interests. If thighe case, we would expect overoptimistic
behaviour caused by investment banking or tradiresqures to be associated with
larger levels of inaccuracy. In the final part log tpaper, we try to test the existence of a
link between the level and features of the foreogstrrors made by the analyst firms
and proxies for their exposure to potential cotdliof interest, originating from their

trading or investment banking activity.

This paper provides new contributions to the @xistiterature on the topic
under different perspectives. First of all, the onigy of papers is focused either on the
earning forecasts or on the recommendations issyedjuity analysts. The target price
forecasts are far less explored, partly becauseaithditional piece of information has
been gradually added to the reports during the dasade and was not a standard
beforehand. Furthermore, the few published papengsing on the target price mostly
analyse the price and volume impact generated isyatiditional forecast, but do not
explore in depth the accuracy issue. Finally, apartant differential aspect is the
market context and the database on which the mdseaarbased. The majority of
empirical studies is focused on the Us stock maekal is based on the I/B/E/S
database, provided by Thompson Financial. Thisysfoduses on the Italian stock
market and is based on a database compiled byutherathrough a text search of the
analysts reports available in their integral versiom the website of Borsaltaliana.
Why is this market choice relevant and interestimp@ Italian market is characterised
by an important peculiarity. Indeed, Italian lawposes strong duties of disclosure for
equity research reports published by banks andebbagle houses. More specifically, up
to 1% April 2006, the disclosure obligation concernetitaé equity research reports
covering stock listed on the Italian market andlishied by financial intermediaries

authorised to operate on the national territoryesehreports had to be immediately



transmitted to the Consob (the public agency inrgdaof supervising the financial

markets) and published within 60 days in their gné version through the website of
the stock exchange, into an open access and freflgaofe section. Recently, the Italian
regulation has been partially aligned to the Euampstandard set by the Directive
n.125/2008 and the disclosure duty has been restricted tontieemediaries acting as

market makers for each stock, the lead managethendo-managers in case of public
and private offerings of stocks, the listing partria case of initial public offerings.

Thanks to this peculiar regulatory environment,aegé sample of analyst reports
become public and can be easily cross compared, iBaoming susceptible to the
critical ex-post scrutiny of investors and academikhe ability of various stakeholders
to cheaply monitor the past accuracy of analyshdirmay represent a disciplining
device and prevent excessive optimism driven byliots of interest. In other markets

— and in particular in the US market — the repants private information and the
research databases are compiled by specialisedmafion providers who collect the
reports published by associated financial interamée. The costs for consulting the
database are not negligible and are not affordapléhe general public of investors.
Thus, the “research world” tends to be more opadues study tries to explore

empirically if a greater transparency is effectorenot in improving the accuracy and/or

in diminishing the bias of the analyst firms.

Our evidence, despite showing impressive level akdasting inaccuracy,

provides weak support to trenflict-of-interest theory. The most active traders and

® The European Directive does not foresee a duty bligpdisclosure for the equity research reports and
recommendations, which thus remains an ltalian lpeity. In fact, elsewhere only the clients of the
intermediary have access to the reports, at theenbof the publication and afterwards. In ordeease
the conflict of interest problem, the European Oikechas focused the attention on various disclesme
and information to be specified in the reports,nirag the investor against the risk of biased infation
and the potential conflicts of interest. Among tim$ormation, the intermediary has to specify the
percentage of buy, neutral and sell recommendaigseed during the most recent quarter, for all the
covered companies and for the investment bankiegtsl subgroup.

® The listing partner is an intermediary — foresegnhe internal regulations of Borsaltaliana — wiani
charge of coordinating all the listing process i will follow the company during the first stagef
negotiations.

"According to game theory, in case of repeated act&ns between agents, reputation becomes very
valuable and the fear of loosing reputation acta pswerful deterrent against opportunistic behawvié
heightened disclosure should maximise the negaffeet on reputation caused by forecasting inaayura
and bias.

®The well-known and extensively used I/B/E/S databgs@vided by Thompson Financial, is
characterised by these features. Even if the saimplery large, there is still a potential bias by
the voluntary participation of the firms transnmigithe reports. In the Italian case this bias dm¢®xist.



investment bankers, even if somewhat less acctinate other analysts, do not seem
characterised by an optimistic bias. On the copteamegative correlation emerged
between the sign of the forecasting errors and itibensity of trading/investment

banking business. This evidence — partly contradjotvhat emerged in other papers on
the topic — could indeed be the result of the pacutegulatory environment

characterising the Italian market. The heightenisdlasure duties, in fact, potentially
increase the reputation damage caused by the mow$ biased forecasts, especially if

too optimistic.

Literaturereview

As anticipated above, academic research on finhaoalysts’ behaviour can be
roughly subdivided into three main streams, laleflem now on as: therofitability

issue, theaccuracy issue and theconflicts of interest issue.

The papers focused on theofitability issue are aimed at analysing the market
reaction following the release of a new report,eesgly when the report contains a
revision in the earnings forecast or target priceesoommendation. Most often attention
is focused on the price impact (in terms of varpuseasured abnormal return of the
stock price), but a few studies also explore thpaah on the traded volume. Some
papers concentrate on short-term market respowsesidering the days immediately
before and after the issue of the report. Othedistuanalyse the longer-term price
pattern of the stock, sometimes measuring the metintainable through a trading
strategy based on the analysts’ advices.

The pioneer work of Womack (1996) documents a strsimort-term abnormal
return associated to recommendations upgradingaandven stronger impact of the
recommendations downgrading, plus a longer-tereemrift in the direction forecasted
by the analyst. Various subsequent works have woall the short-term and longer
term impact generated by a new report release,ewdubloring more in depth the
combined and independent informative value of dififié parts of the report: the earning

forecast and the recommendation (Francis and S&0€3), the target price (Brav and



Lehavy, 2003), the strengths of the arguments megdoy the analyst (Asquith et al.,
2005). Barber et al. (2006) examine the correlabetween the profitability of stock
recommendations and the rating distribution ofedtdht analyst firms. They find that —
on the recommendation announcement day — therat ia significant difference in the
market impact of reports released by analyst ficimsracterised by different degrees of
optimism in their outstanding coverage. On the i@t in the longer run, the abnormal
return associated to upgrades (downgrades) issyeahdilyst firms with the greatest
percentages of buys is lower (higher). Mikhail kt(2004) find a positive correlation
between the market reaction to a recommendatiosioevand the past performance of
the individual analyst, both in the days immedatirrounding the announcement and
in the longer run. Jegadeesh and Kim (2006) inttedan international perspective,
comparing the market reaction to report releasehenG7 countries. They document
significant short-term price reactions and posisiens drifts in all countries, except
Italy. The largest market reaction is observablgéh@ United States and the authors
attribute the gap to the higher skills of Us antlys identifying mispriced stocks, after
controlling for various alternative explanations.

Despite the overwhelming evidence of a significaarket impact generated by
analysts’ forecasts revisions, most studies aintegsting the profitability of various
trading strategies based on them document very tiein abnormal returns, after
transaction costs (see Barber et al., 2001; Mikétzall., 2004)

The papers focused on thecuracy issue are aimed at measuring and comparing
the forecasting ability of different individual dpsts or analyst firms, exploring the
main drivers of this ability (or inability) and itime persistence. Stickel (1992)
documents a positive relation between earningscéste accuracy and reputation,
analysed using as a proxy the Institutional Inwest@annual ranking called All-
American Research Team. In the same paper the maputable analysts also appear to
produce a stronger impact on market prices wheisirgy a forecast. Mikhail et al.
(1997) find that a significant decline in the eags forecast errors made by individual
analysts as his/her firm-specific experience (mesksin number of quarters since the
first earnings forecast release) increases. Clerfi89) finds that earnings forecast

accuracy is positively associated to analysts’ egpee and analyst firm size (seen as a



proxy of the resources available), while is negdyivaffected by the coverage scope,
measured by the number of companies and industiiesved.

Looking at the consequences of the forecastingitybibr the individual
analysts, Mikhail et al (1999) find a higher tureovrobability for relatively poor
earning forecasters. Similarly Hong and Kubik (2088cument a positive correlation
between accuracy and positive career developmdikes,moving to a high-status

brokerage house or being assigned to the covefagere prestigious stocks.

The papers dealing with tre@nflict of interest issue try to test if the analysts
potentially more exposed to distorting incentivesadtually provide overoptimistic and
biased forecasts. A few studies also analyse thaciy of investors to distinguish the
“conflicted” analysts and appropriately “discounltieir forecasts. Amongst the many
papers belonging to this line of research, we cakertwo further distinctions. First,
considering the potential source of bias, some astfiocus on investment banking
business, while others look also (or exclusively)trading business. Second, when
defining the profile of the conflicted analystsyrs®researchers just consider the firms
releasing a report on an actual or recent invedtiveanking client, while others consider
all the firms having a relevant trading or investinieanking business.

Michaely and Womack (1999) document a signifiaamierperformance of the
buy recommendations issued by affiliated brokersase of IPOs, confirming the bias
suspicion. Jackson (2005) and Cowen et al. (2006)pare the strength of different
potential factors affecting the analysts’ relatoimism: the underwriting activity, the
trading business and the reputation. Both studnekthat trading-generation incentives
are as strong or even stronger than investmentibgnkcentives in determining
research optimism. They also document the importaig¢ of reputation-building
concerns as a counterbalance to analysts’ oppstititiehaviours. Barber et al. (2007)
document a significant lower abnormal return of m@gommendations issued by
investment banks compared to other types of anéityss (either brokerage houses or
pure research firms). The opposite evidence emerfgms hold and sell
recommendations, suggesting a reluctance of inwgtrnanks to downgrade stocks
whose prospects are deteriorating. Ertimur et 2007) document a strong positive

correlation between earning forecasts accuracy r@egommendations profitability.



Nevertheless this correlation doesn’t hold whensatering buy recommendations
issued by analysts more exposed to conflictingntices. They argue that, in these
cases, the issuance of optimistic recommendatiamsbe seen as a good revenue-
boosting device, with low reputation costs, comgare the provision of inaccurate
earnings forecasts. Thus, the best earning forsast when pressured by conflicting
incentives — do not necessarily release the moditginle recommendations. Ljungqvist
et al. (2007) find that analyst firms are more aataiand less optimistic when covering
stocks largely owned by institutional investors. fact, investment banking and
brokerage pressures are — for these particuladiplei stocks — counterbalanced by
reputation costs of publishing biased researchfi@oimg the importance of reputation
concerns, Kadan et al. (2008) document a reduesgiéncy and improved informative
content of optimistic recommendations following sommportant regulatory changes
aimed at establishing more stringent disclosuraiirements on the research activity
(NASD Rule 2711 and NYSE Rule 472).

Concerning the Italian stock market, there arevavi@rking papers analysing
the profitability issue (Belcredi et al., 2003; @eliati et al., 2005 and 2007, Bonini et
al., 2008b), the accuracy issue (Cervellati et 2008; Bonini et al., 2008a) and the
conflict of interest issue (Cervellati and DellanBj 2005). Some of these works are
mainly aimed at verifying on the Italian market pbmena highlighted by the
preceding literature on the topic. The results deented are quite similar to the ones
described so far. Cervellati et al. (2005) chalietiye evidence found by Jegadeesh and
Kim (2006), by showing that the peculiarity of thilian case disappears when
considering the data available from the websiteBofsaltaliana, instead of those
provided by Thompson Financial. Our work is clogespirit to Bonini et al. (2008a),
even if we try to go further in depth in the undensling of the drivers explaining the

target price forecasting accuracy of the analysidi

Sample description

The dataset used throughout this paper is madglé¥ 8eports, published from
the beginning of January 2004 to the end of Maf@bi72 We decided to consider all the



equity research reports issued during the samplecband concerning stocks qualified
as “Blue Chips” by Borsaltaliana on 2 January 2008 the Italian market the Blue

Chips segment is comprised of all stocks havingaaket capitalisation greater than 1
billion euro. These companies represent the bulkhef market in terms of trading

volume and are largely present in the institutianakstors’ portfolios. The choice to

select this group of stocks is strictly linked ke tfocus of this paper: the target price
forecast accuracy of analysts. Blue Chips are kvadivn stocks, characterised by liquid
and deep markets, wide analysts coverage and gémthiation transparency. Thus, the
forecasting activity should be relatively easieompared to other types of stocks.
Therefore, this context looks appropriate for agialg the issue of potential forecasting
biases.

The final number of reports included in the datdsas been obtained after
imposing some filters on the initial sample. Fidgdtall, given the objective of the
research, all the reports not explicitly statintaaget price have been eliminated. A by-
product of this filter is an under representatiém dew analysts who have not the habit
of indicating explicitly this forecat Second, we have eliminated from the sample all
analyst firms publishing less than 5 reports dutiregperiod taken into consideration on
Blue Chips stocks, because their accuracy statistauld not be significative. Third, in
case of two reports published by the same analyst, fon the same stock, with
unvaried recommendation and target price, withne tilistance equal or lower than two
working days, we have retained only the most recer®. Fourth, when analysing a
report on a company listing both common and pretestocks, we have exclusively
considered the target price forecast on the comsback. Finally, we have eliminated

all the “mirror reports*, considered as mere loading mistakes made by Baliaaa.

° The stocks listed into the Italian stock marketneged by Borsaltaliana spa, are subdivided in 4
different segments: Blue Chips, Star, Standardtandard 2. The inclusion in the first segment (Blue
Chips) is automatic and is linked to a market @isétion threshold (1 bin. Euro). The inclusiontlie
Star segment is voluntary and the company williagathieve this qualification needs to comply with
some precise requirements in terms of transparandycorporate governance. Furthermore a market
making system (called specialist), financed bydbmpany, is required in order to insure a satisfgct
level of liquidity. The stocks belonging to Standardnd 2 segments are characterised by thinnelsleve
of liquidity and by modified trading rules, aimetlimproving the price searching mechanisms.

1% This is the case, in particular, for Banca IMI &akzenove.

' We define “mirror report” a report having exadtiye same data of another one in the sample, insterm
of analyst firm, stock covered, date, target pand recommendation.



As already mentioned above, the final dataset ami3,157 reports published
by 30 different analysts, on 79 companies. Tabpealides some descriptive statistics
on sample reports by recommendation. In line with évidence available on other
stock markets, the total weight of the sell anadrgdr sell recommendations is very
limited (below 7 per cent). The majority of recommdations is concentrated in the
“buy” category, immediately followed by the “neutr@ategory?. Looking more in
detail at the neutral recommendations, in the gstamajority of the cases (slightly
above 90 per cent) the target price stated byriayst is above the current market price
of the stock. Thus, the global impression and iompkdvice given to the investor is
more of a buy type, than a sell type. Summing liph&l “positive recommendations”
(defined as strong buy, buy and neutral recomméntatvith a ratio target price on
current market price greater than 1), the totabweon the sample is 89.64 per cent and
this right-skewed distribution is rather stableidgrthe various years included in the
sample. Thus, the idea of a widespread optimismacherising the analyst firms and
the suspicion of a potential conflict of interegbk quite confirmed. However, to be
fair, we have to notice that the period taken caasideration is characterised by a bull
market. A predominance of the optimistic forecasthus more than justified. To draw
significant conclusions a comparison should be nvéittea bear perio

Panel B, in Table 1, addresses the problem of timehomogeneous parameters
used by different analyst firms in defining theecommendation scale. In order to draw
a more precise picture of the recommendations iloigion, we have introduced a
modified classification criteria, by which we hatransformed into strong buy (strong

sell) all the buy (sell) recommendations havingaaget price more than 20 per cent

12 We already mentioned above that different analiysts often use different definitions for their
recommendations and sometimes different scale®i(8-pcales vs. 5 point scales). There is as well a
certain linguistic variety. For our analysis we &awused the following conventions: (a) the
recommendation “overweight” has been translated thtiy”; (b) the recommendation “buy” has been
translated into “strong buy” if the analyst uses tlverweight” category in his classification; (t)e
recommendation “underweight” has been translatem ‘®ell”; (d) the recommendation “sell” has been
translated into “strong sell” if the analyst uske “underweight” category in his classificatior) the
recommendation “hold” has been translated into tirad!u

13 At first glance, the situation doesn’t seem veiffecent in bear periods. Just a small piece oflente:

out of 900 reports, available from the website ofdaltaliana for the same group of 30 blue chikerta
into consideration in the rest of the paper, phiglisduring the period 1 July 2007 — 31 Decembei7 200
(clearly a bear period, without perspectives ofieckjresolution incumbent the sub-prime crisis§t jd2

are sell or strong sell recommendations (8 per)cdef. are buy or strong buy recommendations (54.56
per cent), 337 are neutral (37.44 per cent). Tthespanorama doesn’t look that changed. The evidience
too limited to be considered conclusive, nevertheleseems quite interesting.



higher (lower) than the market price of the analys®ck two working days prior to the
report release (Mp). It is possible to observe how - using this miedifclassification -
the weight of the strong buy category increasemdtizgally (from 7.06% to 44.49%),
whereas the weight of the strong sell category nesnquite unvaried. Beyond being
right-skewed, the recommendations distributiorhisstcharacterised by a large share of
extremely optimistic forecasts. It is interestiogibte that the mean ratio Tp/Mpf the
strong buy recommendations (using the modifiedsdiaation criteria) is 1.4873. This
means that, in 44.49% of our sample reports, théyanwas forecasting on average a 1-
year return of about 50 per cent for a long positaken in the stock. The average of
the same indicator on the entire sample is 1.26@ {&able 3), corresponding to an
expected yield of return of 27 per cent. Even védthoull market background such a

forecasts distribution sounds really optimistic &gitimates a bias suspicion.

Table 2 provides some descriptive statistics onddm@ple reports by analyst
firm. First of all it is possible to observe a nedat dominance by a restricted group of
brokerage houses providing intensive coverageadihe Chips stocks. The five most
frequent report publishers are authors of almospé6cent of the sample reports and
issue an average of 749 reports each (59 reportgyaeter), over an average of 272
reports for the entire sample. Upscaling to thermst frequent publishers, the share
accounted for rises to 71.56 per cent of the totahber of reports. The major five
analyst firms are also characterised by a widereaye (on average 44 companies
covered each year, against an overall mean of 28)aahigher updating frequency of
the analysts views (18 reports on average publigleedirm covered against a sample
mean of 10 reports). Thus, the research field Icakxlivided in two segments: a core
group of analyst firms, providing a rich and wetrustured service to the client
investors, and a plethora of minor players, issuepprts less regularly and on a more
restricted number of stocks.

Panel A of Table 2 also permits to discuss the tquesf a domestic bias of the
sample reports. Even if the majority of reports.§@0per cent) is published by
intermediaries mainly operating in Italy, the wdighf international players in the

sample is not negligible, though some major names @mpletely missing or



underrepresented.On balance, the domestic bias of the sample doetok severe,
considering that a certain predominance of natigayers is the rule in any market

context.

Table 4 provides some statistics on the samplertefry covered company.
Even if the total number of companies includedhe sample is quite limited, they
represent the bulk of the market, both under thiatpaf view of capitalisation and
turnover. The sample has a well balanced compasitwen if the financial sector
represents a larger share in terms of capitalisatiee total number of reports is fairly
distributed across the three macro sectors (indlstservices, financial). On the
contrary, the sample is a little tilted towards theger caps. The 10 most intensely
covered companies represent slightly over 30 pet akethe sample reports and almost
42 per cent of the sample capitalisation. Howetes tlegree of concentration should

not affect the results of our tests.

Accuracy metrics

As already mentioned, the main focus of this papen the issue of accuracy. A
first choice we had to make was to decide wherotsicler a forecast accurate and how
to measure the forecasting errors made by the stsalyhe existing literature on the
topic basically uses two kinds of accuracy metrigdew authors use a binary metric,
distinguishing between accurate forecasts anddfé@eecast. In this case the forecast is
considered accurate if the actual price falls withipredetermined interval around the
forecasted price at the end of the forecastingoderThe majority of authors use
however a cardinal measure of the forecasting ®rtorthis case the forecasting error is
usually measured by calculating the spread (sorestiim absolute value) between the
actual price at the end of the forecasting period the forecasted price, scaled by
market price at the time of the forecast.

We have basically used both approaches, incoipgrain additional point of
view. We said before that most analysts preserit theget prices as 1-year forecasts.

However, common sense dictates that it is extrerdéficult for anyone to foresee a

* The most striking missing name is Morgan Stanley,tbe weight of other important names — like JP
Morgan — is quite limited.



stock price on an exact date 12 month away fronfdhecasting date. To address this
concern, in the case of the cardinal metrics, wee l@mputed a modified and more
“generous” version of the forecasting errors bycgklting the spread between the
maximum (minimum) price touched by the stock durihg year following the report
iIssuance and the forecasted price, in case of memations having a Tp/Myabove
(below) 1. This accuracy metric may be interesiingx-post analysis of the forecasting
ability of the analyst, but the results obtainedraa# be used to judge the potential
return for a client investor following the analgstidvice, since it is clearly impossible
to recognise ex-ante the moment a stock is reagtimgaximum (minimum) level over
a given period.

More specifically, for each report in the sample have computed 6 different

accuracy metrics:

AC_5pc Accurate forecast ifTPx(1-0,05) < MP, 365 < TPx(1+0,05)
AC_10pc Accurate forecast ifTPx (1— 0,1) < MP,365 < TPX (1 + 0,1)
TPE_12m_AV TP-MP, 365
MP_,
TPE_ANY_AV [TP-P.MAX 11|
If Tp/Mp.,>1; ——————==T
MP_,
TP-P.MIN
If Tp/Mp_,<1: [TP-P-MiNyz0,
MP_,
TPE_12m TP- MP+365
MP_,
TPE_ANY TP-P.MAX
- If Tp/Mp,>1; ————~12m
MP_,
TP-P.MIN
If Tp/Mp,<1; ———~12m
MP_,
where:

TP: target price;

MP.,: official market pric& of the stock 2 working days prior to the issu¢hef report;

!> The official market price is a weighted averagehsf prices of all contracts negotiated on thekstoc
throughout the entire trading session. In our &iglywe have used a dividend-adjusted time series of
official prices, kindly provided by ADB Dati Borsa.



MP.s4s5 Official market price of the stock 365 days afiee issue day of the report (or the first follogrin
working day, in case the date coincides with aiotpsglay of the stock exchange);

P.MAX . maximum official market price registered by theck during the 12 months following the
report issue date, i.e. before Mg

P.MINy,» minimum official market price registered by thck during the 12 months following the

report issue date, i.e. before Mg

The first two metrics are simpler and belong tolihreary “family”. Having set a
predefined tolerance (either 5 or 10 per cent) @vel below the target price, they just
subdivide the sample into two groups: accuratectsts and failed forecasts. This leads
to an excessively simplified analysis. In fact, exsally when the tolerance is wide, an
analyst can have a high percentage of accuratecdst® even in presence of a
substantial average gap between the forecastetharattual stock prices.

The other four metrics are of a cardinal type. Ehos absolute value
concentrate on the magnitude of the forecastingy enade by the analyst, whatever the
“direction” of this error. These metrics allow a aserement and a comparison of the
mean accuracy over different analysts and oveewdifft periods, but the existence of a
systematic bias in the forecasts issued is noasyp ® judge. The latter two metrics, on
the contrary, may be more useful under this se@amat of view. Considering how the
metric is computed, a positive error always sigaalgexcess of optimism in the forecast
(either the price didn’t raise as much as forechsteéhe buy-type recommendations or
the price decreased more than forecasted in théypel recommendations), whereas a
negative error is generated by a pessimistic fate@aright-skewed distribution of the
forecast errors made by a certain analysts or guigertain period may be linked to

latent conflicts of interest.

Table 5 presents some descriptive statistics orsémeple mean levels of the
above described accuracy metrics and on their gedevels conditional on the ratio
Tp/Mp.; (Panel A) and on the recommendation given by tfadyat (Panel B).

Overall the forecasting ability of the analysts eqs very poor. Allowing a 5
per cent tolerance over and below the target paob;, 15.36 per cent of the forecasts
can be considered accurate. Even allowing a monergas tolerance of 10 per cent

(which means a total interval of 20 per cent aroth@target price), the percentage of



accurate forecasts only rises to 29.52. The alesohagnitude of the forecasting errors
is also impressive. The overall mean level of tididator TPE_12m_AV is 30.16 per
cent. In other words, the average difference batvilee target price and the actual price
reached by the stock 1 year after the forecadd |3e8 cent of the current market price at
the time the forecast is made. The average leviideomore clement TPE_ANY_AV is
relevant as well: 24.88 per cent. Thus, even igpthe time horizon of the forecast
and taking into consideration the most favourabieepreached by the stock in the
direction forecasted by the analysts, the averaga & around 25 per cent of the
market price of the analysed stock. The level ef tho final metrics (TPE_12m and
TPE_ANY) is more reduced. At this very preliminatage such a reduced overall level
seems to indicate quite a balanced weight of thstipe errors (excess of optimism)
and the negative errors (excess of pessimism).a\thé overall mean TPE_12m has a
positive sign (7.33 per cent), the mean TPE_AN Yneslgows a negative sign (-1.88 per
cent), indicating a predominance of the pessimi$ticecasts. Thus, there is no
immediate evidence of a biased distribution of finecasts. As explained above the
incentives related to the conflict of interests Wiopush to an excess of optimism aimed
at boosting the trading fees or at securing investnbanking clients. At this stage,
however, forecasting errors would seem more relatedhe incompetence of the
analysts (or, if we want to be more clement, toittensic difficulty of forecasting a 1-
year-ahead stock price) than to a conscious maatipal

The forecasting errors made by the analyst firmgeap strongly related to the
level of ratio Tp/Mp,. We could summarise the evidence saying: the boltaeforecast
in terms of difference between the target price #edcurrent market price, the larger
the error. Just 7 per cent of the forecasts areratein the fourth quartile of the ratio,
against a 20 per cent accuracy share in the tveonrgdiate quartiles and a 15 per cent
in the first one (with a 5 per cent tolerance, tht picture looks very similar with a 10
per cent tolerance). Similarly the TPE_12m_AV ahed TPE_ANY_AV have a much
higher average level in the highest quartile ofrdteo Tp/Mp. (respectively 46.68 per
cent and 37.93 per cent), whereas the level i®rdlat in the other three quartiles. To
summarise, even if a little brutally: when the frast made by the analyst is very
optimistic, the investors should not be too excitetuying the stock, because the price

will probably not fly that high. The described peeaf evidence would — at first sight —



seem quite obvious: greater price fluctuationsless likely than smaller fluctuations,
since the price movements tend to be normallyitisied.

Quite a similar evidence emerges looking at thenrlesels of the accuracy
metrics across portfolios based on the type of megsendation given by the analyst
(Table 5, Panel B). The most extreme types of resendation (strong buy and strong
sell) are characterised by lower percentages afrate forecasts and by larger errors in
absolute value. The TPE_12m and TPE_ANY indicasbieny that the analysts tend to
exceed in optimism in their strong buys and exdeggessimism in their strong sells.
However the evidence concerning the strong selisilghbe taken with some caution
given the quite limited number of observation aaali¢ in this category (just 86, even

using a modified classification system).

Table 6 presents some statistics on the meandstiag accuracy of analyst
firms. We have selected just two metrics: one in{&C_5pc) and the other cardinal
(TPE_ANY_AV). Analyst firms are presented in deieg order of forecasting ability,
based on the cardinal metric. Looking at the figura limited dispersion of both
accuracy metrics emerges, except for the analyasfpublishing less reports (in these
cases, however, the mean over a reduced numbebs®En@tions can be clearly
influenced by a few extremely good or extremely faé@casts). The figures also show
a relevant difference between the rankings basethenwo different metrics. Some
analyst firms almost constantly fail their foresadiut not by a wide absolute margin.
Others, who are more often accurate, tend to corfarger mistakes when they are
wrong.

At first sight the analyst firms in our sample me® possess quite similar (low)
forecasting ability. The first impression seemsfcored by another type of analysis
summarised in Table 7. After having subdivided sample period in 13 quarters, we
have tried to check if the better (worse) foreaaste a given quarter tend to be good
(bad) forecasters in the following quarter as welleach quarter the analyst firms have
been ranked on the basis of TPE_ANY_AV. Then thammaccuracy level has been
calculated for 3 sub-groups: the top 5 forecasiterthe quarter, the second best 5
forecaster, the bottom 5 forecasters. For the ahdigms included in each subgroup

various mean accuracy metrics have been computetiddollowing quarter, to check



if the differential forecasting ability persists oot. The analysis has been repeated by
ranking the analyst firms on the basis of the A cl(he results shown in Table 7 —
pooled across quarter periods — are quite impresgipparently there is very limited
persistence in the forecasting ability of the asiafyms. The relevant accuracy gap in a
given quarter almost completely disappears in todowing quarter and the
performance of the three analysed subgroups ifléelveln fact the difference between
the top forecasters and the worse forecastersnasalalways not statistically different
from zero in the subsequent quarter. In the onbecahere a statistical significance
emerges (see Table 7, Panel A, third column) thiatistic is very close to its critical
value at the 5 per cent level. Thus, the forecgstipility of our sample analyst firms
appears quite mean reverting. This evidence isoimtrast with a few prior studies
identifying significant time persistent differenaesanalysts’ earnings forecast accuracy
and stock picking ability (see Stickel, 1992; SinBaown, Das, 1997; Clement, 1999,
Mikhail et al., 2004). However Bradshaw and Bro@0{6) — whose work is closer to
ours — document a similar lack of persistence int#iget price forecasting accuracy of

equity analysts.

Explaining the for ecasting inaccur acy

After having verified impressive levels of foregagt inaccuracy among the
equity analysts, we have tried to explore moredptls the reasons of such systematic
mistakes. A first possible explanation is linked tfoe intrinsic task difficulty.
Forecasting a 1-year ahead equity price can alnhestconsidered a “mission
impossible”, given the high volatility of the stockarkets. Forecasting the quarterly
earnings of a company is comparatively a much edagk for an analyst deeply
knowing a sector and the management of the indalidompanies. A second possible
explanation is linked to the conflict of interegtstentially affecting the analysts’
behaviour. Under this second point of view the akets could be explained by the
mixed objectives of the analyst: not only beingddoée and providing a valuable
service to the investors, but also pleasing theagament of a potential investment
banking client or driving the clients to buy motecks (thus boosting the trading fees

cashed by the brokerage house). In such a sceti@ianalyst could sometimes (or



often) purposely provide unrealistic forecasts.sTiteehaviour would be more likely in a
context where the reputation penalty for the foséing inaccuracy is limited or absent.
In theory a more transparent environment whererdports become public and are
easily accessible — such as the Italian one — dhimgkease the potential reputation

damage of high and systematic inaccuracy levels.

If the mistakes made by the analysts are mainlytduke intrinsic task difficulty
(we will call this theno-conflict hypothesis from now on), then we would expect larger
mistakes when the price of the analysed stock epess a sharp increase or decrease
during the year following the forecasting date.rEmte price fluctuations — being less
likely — are more difficult to predict. Likewisearnge price movements preceding the
report release could also be associated to largeekes, for a kind of “psychological
bias” induced in the analyst, pushing him/her tdase a enthusiastic or pessimistic
market mood. For reasons already mentioned befeeewould also expect bolder
forecasts to be more frequently wrong. In otherdspthe target prices very far away
from the current market prices would be less likelgched.

Coming to the peculiar features of each analyst,weeld expect forecasting
accuracy to be independent from the coverage sdodact, given the irrationality of
the stock market and the difficulty of forecastmduture equity price, the strategy of
investing research effort on a limited set of comea would not necessarily result in a
higher accuracy level. Likewise we would expect $pecific experience gained by an
analyst firm on a company not to improve dramalyciégd forecasting ability. Finally, as
again partially explored in the previous paragrapive would expect the past
forecasting ability not to influence significantlye subsequent forecasting ability, given
the predominance of a “luck” component, aside ftbmanalysts’ skill. In order to test

the relevance of these factors, we have considbeefbllowing variables:

TP_MP Ratio of the target price (TP) to the offiamarket price of the stock 2
working days prior to the issuance of the reporPgy

EXTRA_REND Difference between the log return of #teck during the year following the
report release and the log return of the stock ptaimkdex (S&PMIB)
during the same period.

EXTRA_REND_AV Absolute value of the EXTRA_REND vabile.



MOMENTUM Log return on the stock during the 6 maatireceding the report issuance,
calculated as log (MF MP.150).

COV_SCOPE Number of stocks covered by the analysingl the year in which the
report is issued.

COV_AGE For each pair analyst firm - stock, time years) since the analyst firm first
started the coverage, calculated from the oldeprtepvailable in the
Borsaltaliana website, unless a gap longer tharyeaeexists between two
subsequent reports in the database. In this caseotrerage is considered
suspended and resumed at a later stage. The cevegayis calculated
from the nearest resumption.

PAST_FORSCORE Relative forecasting ability showrth®y analyst firm publishing the report
in the quarter preceding the report issuance. €laive forecasting ability
is calculated following the methodology proposed Wgng and Kubik
(2003). In each quarter the analyst firms are rdn&e the basis of a
predefined average accuracy metric (in our case THRE_ANY_AV),
taking into consideration all the reports publistteding the period. The
best forecaster receives a rank equal to 1. Aivelatccuracy score is then

calculated, according to the following formula:

Ra-nkquarter t'l
Num_Anquarter t'l

REL_FORSC®Egarter t= 1—(

Where Num_Angare ¢ iS the number of analysts publishing at least two
reports in the analysed quarter. Using this metirodach quarter, the best
forecaster gets a score equal to 1, the worstdsteca score equal to zero.
For each analyst the PAST FORSCORE coincide withe th
REL_FORSCORE calculated for the previous quarter.

To test the relationship of the described independariables with the accuracy
metrics calculated on each report, we have rurouwarOLS regressions. The results are
summarised in Tables 8 and 9.

Looking first at the absolute value of the forecagsterrors made by the analyst
firms, the size of both TPE_ANY_AV and TPE_12m_A\ppaar strongly and
positively correlated to the TP_MP and EXTRA_RENDY Aariables. As expected,
the mistakes made by the analysts are larger wieefotecast is aggressive or when the
stock experiences a consistent price movement gluhie year following the report
issuance (measured by the distance between thk sttarn and the market index

return). These two factors appear to be the mdgments explaining the forecasting



inaccuracy. The analysts tend also to make lamecésting mistakes when evaluating
stocks characterised by a strong momentum duriegnibnths preceding the report
publication.

As already highlighted by the univariate analyti, relative level of forecasting
ability does not persist throughout the sample qoerand it does not represent a
significant element in explaining the size of theoes made by the various analyst
firms. COV_SCOPE has a positive statistically digant coefficient, even if the value
of this coefficient is very low. Thus, the analystvering a larger set of companies
would seem more or less as accurate in their fetecas those concentrating their
research efforts on a more restricted group. Siipjil&COV_AGE has a negative but
very low coefficient, indicating that the experienmatured by an analyst firm on a
specific company does not significantly improve tbeecasting ability. This evidence,
which contradicts the standard theory of the lewnturve, supports the idea that
forecasting a future stock price is extremely difft, whatever the skills and the
specific knowledge possessed by the expert.

Looking at the sign of the forecasting errors mbagéehe analysts — always under
the no-conflict hypothesis — the evidence shown in Table 9 is quite simNahen the
TP_MP is high, the price of the stock tends notise as much as foreseen and the
forecasting error is positive (i.e. excess of om). The correlation is strong and
highly significant under a statistical point of wieOn the contrary when the stock has
been characterised by a marked increase in thenhspreceding the report release or
when the stock price increases sharply during dlewing year, the forecasting error
tends to be negative (i.e. excess of pessimismairAthe correlation is strong and
statistically relevant. These 3 factors combinegetber explain a large fraction of the
forecasting errors and the adjustedoRthe regression is above 0.70 for the TPE_ANY
and above 0.93 for the TPE_1¥m

The past forecasting performance is positively,Jary weakly, correlated to the
forecasting error. We could summarise this emgdirregult by saying that the best
forecasters tend to be slightly over-optimistictireir subsequent research activity.

'8 In unreported tests we have tried to check ifrttemtioned results may be influenced by extremeldeve
of the TP_MP parameter characterising some refiotise database. To achieve this objective we have
reduced the sample by eliminating the highest ane$t deciles of reports based on the TP_MP variabl
We haveéhen run the same OLS regressions, obgairéry similar results and comparable levels of
adjusted



Similarly the coverage scope is weakly, but posltiMinked to the forecast error. The
analysts who follow a wider portfolio of stocks wdiseem slightly overoptimistic in
their forecasts. On the contrary, COV_AGE doespjiear to be statistically related to

the sign and magnitude of the errors.

In order to explore the alternative (or, maybe dyetintegrative)conflict-of-
interest hypothesis, we had to devise some indicators able to proxy ithensity of
investment banking and trading activity carried byteach analyst firm in our sample.
Unfortunately, no official and periodical survey asailable as far as the investment
banking activity of the sample analyst firms is cemed, providing comparable data on
the market share or the total revenue generatetdi®wctivity. Following a widespread
solution adopted in academic studies on similarjesid, we have constructed a
personalised proxy of the investment banking agtiaf our sample analyst firms,
based on the data available on the IPOs carriecbiouhe Italian stock market. The
IPOs are clearly just a part of the investment baplactivity, but admittedly a very
important one, characterised by a high revenuergéing capacity. Furthermore, an
intermediary deeply involved in the IPOs sectorl wibst probably be involved in a
good share of other investment banking deals chaug in the market.

For trading activity we had to face quite a similack of comparable and
periodical data. The only available source of infation was Assosim, a private and
voluntary association to which the majority of osample analysts belong and
periodically provide data. Unfortunately the data the trading activity of the
Associates are released by Assosim on a annud, basa very summarised form and
more detailed data could no be disclosed due t@agyiagreements.

Having to cope with the described restrictions, luglt the following two

variables, aimed at proxying the investment bankind trading activity of each analyst

firm:

IB_ACT Percentage of IPOs in which the analyshfhas participated in the role of
lead/co-lead manager or underwriter, calculated d¢we total number of
IPOs carried out in the Italian stock market duriihg period January 2003
— December 2007.

TRADING_ACT Percentage of negotiations interméstlaon behalf of third parts by the

analyst firm in Italian stock market, over the emtamount of negotiations



carried out by Assosim Associates, during the ymaceding the report
issue. In calculating this percentage the valuel (aot the number) of the
deals has been taken into consideration. The TRADINCT variable

could be computed exclusively for the analyst filmetonging to Assosim.

We have run again a series of regressions addenddhbcribed variables, in order
to check if the size and direction of the errorsdendy the analysts depend on the
intensity of investment banking and/or trading \tti carried out (theconflict-of-
interest hyphothesis). To check the quality of the results, we havedugeee different
databases: (a) the entire set of reports availtdrlethe Assosim associates; (b) a
database obtained by eliminating the highest amgdb deciles of reports based on the
TP_MP ratio; (c) a database obtained by eliminatemprts if another analysis has been
published on the stock during the 3 preceding n®hththe same analysts and with the
same target price. The aim of the two reduced dawmbwvas to avoid that our
conclusions could be driven by particularly aggresdorecasts or by forecasting
mistakes on a few stocks been reiterated by thigstria many subsequent repdfts

The results of OLS regressions — detailed in Tdlfleand 11 - are somewhat
surprising. The absolute size of the errors madethey analysts seems positively
correlated to both the trading and investment baplactivities, even if in some
specifications the estimated coefficients are matistically significant. Thus, the most
active traders and investment bankers would seas decurate in their forecasting
activity. The positive correlation is stronger where exclude the most aggressive
forecasts (columns 3 and 4, in Table 10) and wherreduce the reports’ clustering
(columns 5 and 6, in the same Table). The estimatefficients are higher and
statistically stronger for the trading activity théor the investment banking activity.

Up to here the evidence would seem in line with twoaflict-of-interest
hypothesis. However, when we observe the “direction” of theoes made by the
analysts — in Table 11 — a negative correlationrgegbetween the forecasting errors
and the trading/investment banking activity. Thuke most active traders and

investment bankers would seem characterised byxegse of pessimism — instead of

" To explain this latter concern, it is worth spgitify that some reports are sometimes reiterateith- w
unchanged target price — many times during the saorhs. If an analyst has formed a wrong vision of
a particular stock and this vision is reiteratechynimes in a short period of time, we risk overg¥ging

a single forecasting mistake.



the expected optimism — in their (inaccurate) fasts, contradicting theonflict-of-
interest hypothesis.

Table 10 and 11 also explore the correlation batvtke COV_AGE variable and
the size/direction of the forecasting errors. Tipec#ic experience matured by an
analyst on a particular stock appears as a factpraving his/her accuracy (through a
reduction of both the TPEANY_AV and TPE12m_AV ingliors) and increasing
his/her optimism bias. This evidence is in linehatlhe results of other studies on the
topic (Bradshaw et al., 2006; Cowen et al., 2006nd4 et al., 2007).

Conclusions

Equity analysts are very inaccurate in the targeedorecasts. Are they biased or
just unable to foresee the stock price movemenis? édidence would point to the
second direction, favouring what we called tiweconflict hypothesis over theonflict-
of-interest explanation. Seen from another point of view, exidence provides support
to the theory of market efficiency, both in the wead semi-strong form. In fact, the
analysts seem quite unable to forecast whatevesggeific experience accumulated in
the valuation of a certain company and whateverctwerage scope i.e. the number of
companies covered. The lack of persistent sup&siecasting performance across our
pool of analyst firms reinforces th®-conflict (efficient market) hypothesis and the
impression of a predominance of random factors dkerskills and the intentional
manipulations of the researchers. Thus, profeskianalysis of publicly available
information does not seem to provide a competitigdge in producing more accurate
forecasts.

The most active traders and investment bankers) g\@mewhat less accurate
than other analysts, do not seem characterisedh lmptimistic bias. On the contrary a
negative correlation emerged between the signeofdtrecasting errors and the intensity
of trading/investment banking business. This ewiger partly contradicting what
emerged in other papers on the topic — could béuattd to the peculiar regulatory
environment characterising the Italian market. Meghtened disclosure duties, in fact,
potentially increase the reputation damage causgetié provision of biased forecasts,

especially if too optimistic.



As usually happens, there are some potential waaksan our analysis. First of
all, the proxies used to measure the intensityneéstment banking and trading activity
are not completely satisfactory. In the case otstment banking we have taken into
consideration the IPO market, assuming it to beeg tevenue driver in the field.
However, a more precise measure of the role playettie investment banking activity
over the total revenue for each analyst firm wdudpreferable. Unfortunately, it was
impossible to collect comparable accounting datacimpute such a measure. For the
trading activity, we had to cope with very summadidata provided by Assosim, an
association to which just a sub-sample of our atdlyms belong to. The summarised
data on the trading activity were available on amual basis and could not be
subdivided per single share. More on the conflicinberest issue could have been
learned by observing the relation between the atellyoptimism and their trading
activity on particular stocks.

A second potential weakness lies in the overlapyveen different reports
produced by the same analyst firm on a certainkstb@an analyst has formed a very
inaccurate/accurate forecast and this is reiterate@ohy times, we risk a bias in
evaluating the forecasting ability of the analyst.detailed before, we have used some
devices to reduce the phenomenon, but to a cezidant to problem remains, even if

our results indicate a substantial irrelevancénefggroblem.

There are a few related research questions whighl &® addressed in the future,
building on the work done. First, an internatiooamparison could be useful in order to
check if the peculiar Italian legal environmentasally relevant in reducing the conflict-
of-interest issue and the consequent over-optinmthe analyst firms. An alternative
explanation could, in fact, be linked to the heagpademic and journalistic campaign
which has repeatedly addressed the problem dummépst decade, discouraging market
abuses. Second, our results could be double-cheickedd bear market. The over-
optimism driven by the conflicts of interest colld somewhat masked in a bull market
by the continuous rally of stock prices. Finallye research could be extended to stocks
characterised by thinner capitalisation and mosdricted analysts’ coverage. Many
papers on the topic have highlighted larger abnbmetairns and abnormal volumes

produced by the publication of a reports in thesmses. Given the larger market impact,



the temptations linked to the conflict of interestsild be stronger.

Tablel
Descriptive statistics on samplereports by recommendation (January 2004 - March 2007)

This table presents various descriptive statisticsanalyst stock recommendations. Panel A detaylsyear, the
number of recommendations issued on the sampl&ssttte number of strong buy, the number of bug,rttmber
of sell and the number of strong sell. The lasticwi presents the average rating of the recommamdaissued per
year, calculated according to the following scateong buy = 5; buy = 4; neutral = 3; sell = 2psty sell = 1. Panel
B presents the average weight of each recommendaticdhe entire period taken into consideration &060first
quarter 2007). The weight is first calculated om liasis of the original recommendation written gy @analysts. The
weight is then recalculated translating in stroog (strong sell) the recommendations where theetgogce is 20%
higher (lower) than the market price of the stogk tvorking days before the publication of the reép®he need for
this different classification originates from themnhomogeneous classification methods used byrthlysts. In fact,
some use a 5-point scale, others a 3-point scalthétmore the definition of the various rankingudkets are not
standardised. The line labelled “positive recomnadiods” presents the overall number and weighthef reports
expressing an optimistic vision of the analyst tigflo a strong buy, buy or neutral (with Tp/Mp >1Yyiad. Panel C
presents, by year, the number of reports for wigchvailable a previous report by the same analgsthe same
stock in the sample, the number of upgrading tdhdriggecommendations, the number of downgrades vterlo
recommendations, the number of reiterations of iptevrecommendations. The last column presentgehy, the
average target price change in subsequent repottseecsame stock.

Panel A: Descriptive statistics by year and type of recommendation

Year Obs. N. strong | N. buy N. N. sell N. strong | Average
buy neutral sell rating
2004 2.811 257 1.382 1.009 157 6 3.6165
2005 2.930 222 1.415 1.034 248 11 3.5461
2006 1.882 80 1.039 658 104 1 3.5813
2007 (first quarter) 534 17 253 227 37 0 3.4682
Overall 8.157 576 4.089 2.928 546 18 3.5734

Panel B: Descriptive statistics by type of recommendation (original and modified classification)

Original classification Modified classification
Year Obs. In % Average Obs. In %
Tp/Mp
Strong Buy 576 7.06% 1,4697 3.629 44.49%
Buy 4.089 50.13% 1.1437 1.036 12.70%
Neutral 2.928 35.90% 1.1807 2.928 35.90%
with tp/mp>1 2.647 32.45% 1.1949 2.647 32.45%
with tp/mp<1 281 3.44% 1.0474 281 3.44%
Sell 546 6.69% 1.0218 478 5.86%
Strong Sell 18 0.22% 0.7359 86 1.05%
Positive recommendationg ~ 7.312 89.64% 7.312 89.64%
Overall 8.157 100% 1.2686 8.157 100%
Panel C: Descriptive statistics by type of recommendation revision
Year Obs. N. of upgrades  N. of N. of reiterations | Average
downgrades ATp/Tp4
2004 2.071 163 148 1.760 1.56%
2005 2.751 223 243 2.285 3.85%




2006 1.765 160 164 1441 4.95%
2007 (first quarter) 486 46 54 386 5.91%
Overall 7.073 592 609 5.872 3.60%
In % of the overalll 100% 8.37% 8.61% 83.02%

number of revisions




Table2
Descriptive statistics on samplereports by analyst firm (January 2004 - March 2007)

This table details the sample composition fromgbat of view of the analyst firms included. Tal#lesubdivides
the number of reports per analyst firm and peryamtalype. The analyst firms are subdivided in tvadegories
(domestic and international) on the basis of tredhearters location. In particular are defined @mestic the banks
or brokerage houses whose headquarters and maiitiestare located in Italy. The last two colummatail the
average number of companies covered by the anfigest on a yearly basis (during the period Jan.4260Dec.
2006) and the mean number of reports publishedash eovered company. Panel B presents the recomtienda
frequency by analyst firms, focusing the attentionthe number and percentage weight (on total tepssued) of
the buy and strong buy advices. The last columsegmis the average Tp/Mp level per analyst firm dkierentire
sample period analysed.

Panel A: Descriptive statistics on sample reports by analyst firm, analyst type and coverage scope

Name Type # reportg % Average Mean number of
reports number of reports per
stocks covered| stock, per year

AbaxBank Domestic 73 0.89% 12.33 5.92
ABN Amro International 37 0.45% 5.33 6.94
Axia Domestic 78 0.96% 19.33 4.03
Banca Akros Domestic 462 5.66Y 41.33 11.18
Banca Aletti Domestic 19 0.23% 1.67 11.40
Banca Finnat International 6 0.079 2 3
Banca Leonardo Domestic 496 6.08% 30.33 16.35
BNP Paribas International 10 0.12% 0.67 15
Caboto Domestic 528 6.47% 43.33 12.18
Cazenove International 24 0.299 5 4.80
Centrosim Domestic 311 3.81% 32 9.72
Chevreux International 86 1.05% 23 3.74
Citigroup International 384 4.71% 27.67 13.88
CSFB International 81 0.99% 10 8.10
Deutsche Bank Internationa 1,029 12.61P6 36.67 8.0
Dresdner International 23 0.28% 4.33 5.31
Euromobiliare Domestic 821 10.06% 53.67 15.30
Exane BNP Paribas Internationg 24 0.29% 4.67 5.14
Goldman Sachs International 155 1.90% 13 11.92
ING International 202 2.48% 20.67 9.77
Intermonte Domestic 761 9.33% 43.33 16.79
JP Morgan International 57 0.70Y 7.33 7.77
Kepler International 139 1.70% 26.67 5.21
Lehman Brothers Internationa 242 2.97% 18.67 12.96
Mediobanca Domestic 236 2.899 36.33 6.50
Merril Lynch International 390 4.78% 26.67 14.63
Rasbank Domestic 308 3,789 30 10.27
UBM Domestic 605 7.42% 40.67 14.88
UBS International 361 4.43% 31.33 11.52
Websim Domestic 209 2.56% 37 5.65
Total number of reports 8,157 100%
Total reports published by 4,907 60.61%
domestic firms
Mean 271.9 22.90 10.26
Top 5 Total number of reports: 3,744

Percentage of reports: 45.90%

Average number of reports per analyst firm: 748.8

Mean coverage scope: 43.93

Mean number of reports per stock covered, per Viad4
Top 10 Total number of reports: 5,837

Percentage of reports: 71.56%

Average number of reports per analyst firm: 583.7

Mean coverage scope: 37.70

Mean number of reports per stock covered, per éas8




Panel B: Descriptive statistics on sample reports by analyst firm and recommendation

Original classification Modified classification
Name # N. buy N. strong| N. buy N. strong | % buy and| Average
reports buy buy strong buy| Tp/Mp
AbaxBank 73 37 0 21 16 50.68% 1.13
ABN Amro 37 24 0 0 24 64.86% 1.34
Axia 78 47 1 10 37 61.54% 1.28
Banca Akros 462 192 57 74 118 53.90% 1.24
Banca Aletti 19 11 0 3 8 57.89% 1.22
Banca Finnat 6 3 0 2 1 50.00% 1.13
Banca Leonardo 496 199 0 46 153 40.12% 1.22
BNP Paribas 10 9 0 0 9 90.009 1.50
Caboto 528 149 71 50 99 41.67% 1.25
Cazenove 24 13 0 0 13 54.17% 1.40
Centrosim 311 155 0 28 127 49.84% 1.32
Chevreux 86 69 0 12 57 80.239 1.32
Citigroup 384 223 0 78 145 58.07% 1.19
CSFB 81 41 0 4 37 50.62% 1.33
Deutsche Bank 1,029 624 1 124 500 60.74P0 1.32
Dresdner 23 15 0 0 15 65.229 1.39
Euromobiliare 821 360 202 94 266 68.45% 1.3
Exane BNP Paribas 24 17 0 2 15 70.83% 1.31
Goldman Sachs 155 72 0 31 41 46.45% 1.18
ING 202 109 0 21 88 53.96% 1.26
Intermonte 761 367 116 44 323 63.47% 1.31
JP Morgan 57 38 0 12 26 66.679 1.20
Kepler 139 107 0 33 74 76.98% 1.27
Lehman Brothers 242 138 0 36 102 57.02% 1.26
Mediobanca 236 157 0 37 120 66.53% 1.28
Merril Lynch 390 288 0 106 182 73.85% 1.23
Rasbank 308 140 6 34 106 47.40% 1.2%
UBM 605 260 91 103 157 58.02% 1.24
UBS 361 122 0 11 111 33.80% 1.23
Websim 209 103 31 20 83 64.119 1.33
| Overall | 8,157 | 4,089 | 576 | 1,036 | 3,053] 57.19% 1,2




Table3
Statistics on target prices

This table provides descriptive statistics on tamget prices included in analyst reports. In paféic the table
presents general distributional statistics onha)ratio of target price to preannouncement maskiee of the stock
(stock price outstanding 2 days prior to the issaaof the report), denoted as Tp/Mp; b) the pesgmthange in the
analyst firm target price in case of recommendatéwmisions, denoted asTp/Tp.;

Tp/Mp ATp/Tp,
# Observations 8,157 7,073
Mean 1.269 0.0358
Max 5.506 3.48
75" percentile 1.339 0.0538
Median 1.219 0
25" percentile 1.117 0
Min 0.308 -0.8730
Std. Dev. 0.315 0.1392

Table4

Descriptive statistics on samplereports by covered company

This table provides descriptive statistics on tamgle from the point of view of the companies cedeby the
analysts. The first part of the table comparesstimaple (Blue Chips companies) to the overall listegles in the
Borsaltaliana exchange, looking at the number ofpamies, the total market capitalisation and turnode number
of initial public offerings. The second part of ttadle looks at the composition of the sample utidempoint of view
of the macro sectors represented (industrial, sesyifinancial). The third part explores the issfesample
concentration, providing a few statistics on theni@st represented companies in the sample in tefmamber of

reports published.

Overall market Sample Sample in %
N. of companies (at 31Dec. 2007) 275 79 28.73
Turnover (in min. Euro, year 2007) 254,263 206,887 81.37
Capitalisation (in min. Euro, at 3Dec. 2007) 874,502 775,507 88,68
N. Ipo (Jan 2004 — March 2007) 49 11 22.45
Sample statistics by macro sectors Industrial Sesvi Financial
N. of companies 23 27 28
% on total sample companies 29.11 34.18 35.44
Capitalisation (in min. Euro, at 3Dec. 2007) 161,475 279,983 393,056
% on total sample capitalisation 18.46 32.02 44,94
N.number of reports 2,787 3,239 2,131
% on total sample reports
Sample concentration 10 most covered Sample Top 10 in %

companies

N. of reports 2,471 8,157 30.29
Capitalisation (in min. Euro, at 3¥Dec. 2007 366,518 874,502 41.91
Turnover (in min. Euro, year 2007) 135,322 254,263 53.22




Table5
Statistics on forecast accuracy conditional on theratio Tp/M p_, and recommendation

This table presents the mean levels of various urea®f target price accuracy across sub-samptegitem the ratio
target price to preannouncement market price (P&nhahd on the type of recommendation the repass&ociated to
(Panel B). In order to make the recommendations roomngparable, a modified classification system ispaed by
which all the reports with a buy (sell) recommeimahaving a ratio Tp/Mp higher than 1.20 (lower than 0.8) are
transformed into strong buy (strong sell). Thisised classification is mainly aimed at transformintp a 5-point
ranking the recommendation system of those analgis use a 3-point ranking. The indicator TPE_12m i
calculated as the difference between the targeemtated by the analyst and the market price eshbii the stock
one year after the issuance of the report, dividgdhe preannouncement market price of the sanuk ${d@p-
Mp.369/Mp.]. A positive TPE_12m indicates that the forecasiden by the analysts was too optimistic (the price
didn't rise as much as forecasted or decreased thareforecasted). The indicatpTPE_12m is the absolute value
of TPE_12m. The indicator TPE_any is calculatethagdifference between the target price statedhéyahalyst and
the maximum price (if the Tp/Mpwas higher than 1 at the issuance of the reporthe® minimum price (if the
Tp/Mp., was lower than 1) reached by the stock duringytree following the issuance of the report, dividsdthe
preannouncement market price of the same stockN{pRamin/Mp.2]. The indicator|TPE_any1 is the absolute
value of TPE_any. The indicator AC_5pc represergspircentage of accurate target price forecasksnatite sub-
sample. In this case the forecast is defined asratxif the stock market price 1 year after tiseiasmce of the report
falls within an interval of 10 per cent centred thie target price [Tp x (1-0,05)< Mps< Tp x (1+0,05)]. The
indicator AC_10pc is very similar to the previouspbut in this case the forecast is defined asrateuf the stock
market price 1 year after the issuance of the tejplls within an interval of 20 per cent centred the target price
[Tp x (1-0,1)< Mp3gs< Tp x (1+0,1)].

Panel A: Mean values across portfolios based on the ratio Tp/Mp.,

Tp/Mp, | Tp/Mp, | AF_5pc | AF_10pc| TPE_12m_AV| TPE_ANY_AV\ TPE_12m  TPE AN
quartile

1 1.0153 0.1550 0.2908 0.2766 0.2147 -0.1458 -@15y
2 1.1684 0.1985 0.3706 0.2296 0.2061 -0.0025 -.155
3 1.2738 0.1908 0.3556 0.2333 0.1951 0.061 -0.0487
4 1.6168 0.070 0.1638 0.4668 0.3793 0.4031 0.2864
Overall 1.268 0.1536 0.2952 0.3016 0.2488 0.0733  .018B

Panel B: Mean values across portfolios based on the recommendation (modified classification)

Recommendation AF_5pc AF_10pc TPE 12m A TPE_ANY A TPE_12n} TPE AN
Strong Buy 0.1342 0.2673 0.3446 0.3752 0.2459 0.0998
Buy 0.1892 0.3378 0.2502 0.2534 0.1476 0.0222
Neutral 0.1704 0.3204 0.2638 0.2346 -0.0151 -0.0961
with 0.1700 0.3234 0.2615 0.2478 0.0024 -0.1151
tp/mp>1
with 0.1744 0.2918 0.2861 0.1096 -0.1796 0.0831
tp/mp<1
Sell 0.1381 0.2866 0.2942 0.1608 -0.1852 -0.0363
Strong Sell 0.0581 0.1512 0.4283 0.1509 -0.0958 015D




Table6
Statistics on forecast accuracy by analyst firm

This table presents the mean level of two accuraeirics (TPE_ANY_AV and AF_5pc) by analyst firmesvhe
entire sample period. The “Ranking TPE_ANY_AV” andanhking AF_5pc” columns present the ranking of the
analyst firms based on each accuracy metric: thle tais given to the analyst performing better. Enalyst firms
are ordered in increasing order of their TPE_ANY_A&hking.

Name #reports TPE_ANY_AV Ranking AF_5pc Ranking
TPE_ANY_AV AC _5pc
Banca Finnat 6 0,1211 1 0,1667 10
BNP Paribas 10 0,1373 2 0,2000 4
JP Morgan 57 0,1399 3 0,1053 25
Banca Aletti 19 0,1491 4 0,0526 30
Citigroup 384 0,1733 5 0,2083 2
Goldman Sachs 155 0,1759 6 0,1097 24
Banca Leonardo 496 0,1951 7 0,1794 6
Exane BNP Paribas 24 0,1991 8 0,2500 1
Merril Lynch 390 0,2021 9 0,1667 11
ABN Amro 37 0,2046 10 0,0541 29
Dresdner 23 0,2075 11 0,0870 26
Kepler 139 0,2178 12 0,1871 5
CSFB 81 0,2217 13 0,1235 22
Lehman Brothers 242 0,2228 14 0,1405 18
UBS 361 0,2236 15 0,1302 21
Centrosim 311 0,2367 16 0,1704 9
ING 202 0,2373 17 0,1733 7
Axia 78 0,2387 18 0,1410 17
Rasbank 308 0,2390 19 0,2013 3
Mediobanca 236 0,2456 20 0,1229 23
Chevreux 86 0,2464 21 0,0581 28
Cazenove 24 0,2484 22 0,0833 27
Deutsche Bank 1,029 0,2636 23 0,1555 13
Banca Akros 462 0,2670 24 0,1710 8
Caboto 528 0,2672 25 0,1553 14
Euromobiliare 821 0,2723 26 0,1376 19
UBM 605 0,2771 27 0,1322 20
Intermonte 761 0,2995 28 0,1445 16
Websim 209 0,3241 29 0,1579 12
AbaxBank 73 0,3525 30 0,1507 15
Overall 8,157 0.2488 0.1536




Table7

Persistent ability of analyst firmsto accurately forecast target prices

This table presents the subsequent forecastingamcof analyst firms conditional on their pastdkuf forecasting
ability. The sample period has been divided in G8rtgrs. In each quarter the analyst firms have baeked on the
basis on one of the accuracy metrics used in tgep(TPE_ANY_VA in Panel A, AC_10pc in Panel B). ilhe

mean accuracy level have been calculated for 3gsoips: the top 5 forecasters in the quarter, dworsd best 5
forecaster, the bottom 5 forecasters. For the ahéilyns included in each subgroup various mean@oy metrics
have been computed for the following quarter, tecshif the differential forecasting ability persist not. In each
quarter the analyst firms have been included drilssuing at least 2 reports. The results preseintéide two Panels
are pooled across quarter periods. T-statistitgakets for statistical significance of the diffiece Top-Bottom. *:

two-tailed probability < 0.05; **: two-tailed probdity < 0.01.

Panel A: Subsequent performance of analyst firms ranked on the basis of the TPE_ANY_AV accuracy metric

TPE_ANY_AV  TPE_ANY_AV AC_10pc AC_5pc TPE_ANY
Quarter t Quarter t+1 Quarter t+1 Quarter t+1 Cardrtl
Top 5 0.1435 0.2125 0.3124 0.1293 -0.0111
Second 5 0.1939 0.2026 0.3373 0.1435 -0.0411
Bottom 5 0.3481 0.2588 0.2541 0.1298 -0.0326
All 0.2292
Diff. Top - Bottom -0.2046** -0.046* 0.058 -0.0005 0.0215
(-7,18) (-2,05) (1,19) (0,72) (-0,054)
Panel B: Subsequent performance of analyst firms ranked on the basis of the AC_10pc accuracy metric
AC_10pc AC_10pc TPE_ANY_AV TPE_ANY AC_5pc
Quarter t Quarter t+1 Quarter t+1 Quarter t+1 Qardrtl
Top 5 0.5127 0.3222 0.2334 -0.0411 0.4237
Second 5 0.3506 0.3181 0.2096 -0.0410 0.2655
Bottom 5 0.1074 0.2536 0.2209 -0.0435 0.4330
All 0.3036
Diff. Top - Bottom 0.4053** 0.0685 0.0125 0.00233 -0.0092
(9,46) (1,33) (0,38) (0,51) (-0,054)




Table8

Factors affecting the absolute value of the forecasting errors made by the equity analyst firms: the no-conflict
hypothesis

This table presents the results of estimating the following OoLS regression:

TPERROR|;. ;.\ = @0 + @1 X TP_MPjj;¢ +@p XEXTRA_REND _VAjj(t 1+365) + @3 X MOMENTUM +

+ @y XPAST_FORSC ORE ¢ + @5 X COV_SCOPE | + @ X COV_AGE j;jt + &. -t

where the variables are defined as follo§PERROR| ;;;: cardinal measure of the absolute forecastingrerro
(TPE_ANY_AV in Panel A e TPE_12m_AV in Panel B) madethe report published at time t, by the andiyst j,

on the stock i; TP_MR: ratio of the target price (TP) to the official rket price of the stock 2 working days prior to
the issuance of the report (MP EXTRA_REND_VA. 365y difference, in absolute value, between the logaith
return of the stock during the year following tleport release and the logarithmic return of the B&stock index
during the same period; MOMENTUM: logarithmic retuf the stock i during the 6 months preceding réqeort
release; PAST_FORSCOREIlagged relative forecasting performance of thalyst firm j, referred to the quarter
preceding the report issuance; COV_SC@PtBtal number of stocks covered by the analyst fiduring the year t;
COV_AGE;: time (measured at time t, in quarters and frastiof quarter) since the beginning of coveragehen t
stock i, by the analyst firm §;;; : assumed normally distributed error term with zeran and constant variance. T-
statistics in brackets under the estimated coefiisi. *: two-tailed probability < 0.05; **: two-teid probability <
0.01. White heteroskedasticity-consistent standamts and covariance.

Dependent variable: TPE_ANY_AV

Independent variables (1) (2) (3) (4)
Intercept -0.5595 ** -0.5058 ** -0.5713 ** -0.6163 **
(-29.74) (-24.83) (-25.20) (-30.17)
TP_MP 0.5165 ** 0.48449 ** 0.4788 ** 0.51135 **
(36.58) (32.83) (32.26) (36.08)
MOMENTUM 0.3146** 0.3029** 0.3003 ** 0.3139 **
(6.54) (6.00) (5.97) (6.54)
EXTRA_REND_AV 0.6821*** 0.6928 ** 0.6971* 0.6844*
(17.46) (16.64) (16.90) (17.69)
PAST_FORSCORE -0.0003 ** -0.00006
(-2.99) (-0.61)
COV_SCOPE 0.0018** 0.0018 **
(8.70) (9.63)
COV_AGE -0.0023** -0.0022*
(-3.30) (-3.53)
Adjusted R 0.4834 0.4268 0.4335 0.4897
SER 0.2160 0.2165 0.2153 0.2147
N. observations 8,157 7,463 7,463 8,157

Dependent variable: TPE_12M_AV

Independent variables (1) (2) (3) (4)
Intercept -0.6042** -0.5461** -0.5774** -0.6349**
(-27.94) (-23.61) (-23.72) (-28.19)
TP_MP 0.5682** 0.5316** 0.5295** 0.5662**
(33.54) (29.77) (29.55) (33.33)
MOMENTUM 0.079* 0.073* 0.073 0.080*
(2.04) (1.79) (1.78) (2.05)
EXTRA_REND_AV 0.8509* 0.8604** 0.8629** 0.8529**
(32.50) (31.01) (31.19) (32.73)
PAST_FORSCORE -0.00018* -0.00008
(-2.04) (-0.85)
COV_SCOPE 0.00078** 0.0009**
(4.30) (5.08)
COV_AGE -0.00018 0.00019
(-0.37) (0.57)
Adjusted R 0.5842 0.5418 0.5428 0.5854
SER 0.2034 0.1998 0.1995 0.2031

N. observations 8,157 7,463 7,463 8,157




Table9

Factors affecting the direction of the forecasting errors made by the equity analyst firms: the no-conflict
hypothesis

This table presents the results of estimating the following OoLS regression:
TPERROR i j:t = @0 + @1 X TP_MP; .t + @2 XEXTRA_REND it t+365) + @3X MOMENTUM +

+ @ X PAST_FORSC ORE j,; + @ X COV_SCOPE ;1 + &g X COV_AGE j,j;¢ + & j:t

where the variables are defined as follows: TPERRORardinal measure of the forecasting error (TPEYAN
Panel A e TPE_12m in Panel B) made on the repdstighed at time t, by the analyst firm j, on thect i;
TP_MR;,: ratio of the target price (TP) to the official rkat price of the stock 2 working days prior to thsuance
of the report (MB); EXTRA_REND, 3¢5y difference between the logarithmic return of thecktduring the year
following the report release and the logarithmitune of the S&PMIB stock index during the same pdrio
MOMENTUM: logarithmic return of the stock i duringhe 6 months preceding the report release;
PAST_FORSCORE: lagged relative forecasting performance of thalyst firm j, referred to the quarter preceding
the report issuance; COV_SCOREtotal number of stocks covered by the analysh fir during the year t;
COV_AGE;;: time (measured at time t, in quarters and frastiof quarter) since the beginning of coveragehen t
stock i, by the analyst firm §;;; : assumed normally distributed error term with zeran and constant variance. T-
statistics in brackets under the estimated coefiisi. *: two-tailed probability < 0.05; **: two-tad probability <
0.01. White heteroskedasticity-consistent standamts and covariance.

Dependent variable: TPE_ ANY

Independent variables (1) (2) (3) (4)
Intercept -1.049 ** -1.07 ** -1.1099 ** -1.067 **
(-107.59) (-78.30) (-70.18) (-93.29)
TP_MP 0.8594 ** 0.8615 ** 0.8603 ** 0.8591 **
(119.22) (90.73) (90.38) (119.24)
MOMENTUM -0.2354** -0.2385** -0.2367 ** -0.2341 **
(-5.34) (-5.14) (-5.12) (-5.32)
EXTRA_REND -0.7745** -0.7734 ** -0.7782** -0.7763**
(-32.26) (-30.62) (-30.68) (-32.21)
PAST_FORSCORE -0.0005 ** -0.00061**
(-5.56) (-6.49)
COV_SCOPE 0,00078** 0.0004*
(4.06) (2.36)
COV_AGE -0.0013 0.0013
(-1.55) (1.45)
Adjusted R 0.7067 0.6712 0.6721 07070
SER 0.2111 0.2153 0.2150 0.2110
N. observations 8,157 7,463 7,463 8,157
Dependent variable: TPE _12M
Independent variables (1) (2) 3) (4)
Intercept -1.137** -1.177* -1.184** -1.137*
(-226.28) (-183.14) (-151.98) (-187.92)
TP_MP 1.017* 1.03862** 1.0387** 1.018**
(258.29) (233.79) (235.17) (259.51)
MOMENTUM -0.1080** -0.1076** -0.1071** -0.1079**
(-4.57) (-4.32) (-4.30) (-4.56)
EXTRA_REND -1.084** -1.0838** -1.0839** -1.082**
(-64.55) (-61.10) (-60.60) (-63.99)
PAST_FORSCORE 0.00035** 0.00037**
(7.20) (7.39)
COV_SCOPE 0.0001 -0.00008
(0.99) (-0.88)
COV_AGE 0.00099* 0.001*
(2.02) (2.04)
Adjusted R 0.9303 0.9219 0.9220 0.9304
SER 0.1135 0.1161 0.1160 0.1135

N. observations 8,157 7,463 7,463 8,157




Table 10

Factors affecting the size of the forecasting errors made by the equity analyst firms: the conflict-of-interest

hypothesis

This table
TPERROR i

+ @5 XIB_ACT + @ X COV_AGE + &t

presents the

results

of

estimating

the following
{ = @0+ @y X TP_MP; ;¢ + a5 XEXTRA_REND _VAjj(t,14365) + @3X MOMENTUM + @, X TRADING_AC T

OLS

regression:

where the variables are defined as foIIO\}\/§PERROR| TP_MPEXTRA_REND_VA, MOMENTUM: as defined
in Table 8; TRADING_ACT: percentage of negotiations lmehalf of third parts intermediated during thearye
preceding the report release, over the total ampegbtiated by Assosim associates; IB_ACT: percenthdBOs
led or underwritten on the Italian stock marketrotree period 2003-2007%;;; : assumed normally distributed error
term with zero mean and constant variance. T-sitgisn brackets under the estimated coefficiehtswo-tailed
probability < 0.05; **: two-tailed probability < 01. White heteroskedasticity-consistent standardrgrand

covariance.

The regression has been run on three differentbdaés: (a) the entire set of reports availablettier Assosim
associates; (b) a database obtained by elimindtiaghighest and lowest deciles of reports basetheriTP_MP
reports; (c) a database with reduced overlap, bty eliminating reports if another analysis b@sn published on
the stock during the preceding 3 months by the samadyst with the same target price.

Dependent variable: TPE_ANY_AV

Entire database

No extreme TP_MP

Reduced overlap

Ind. variables (1) (2) 3) (4) (5) (6)
Intercept -0.5752** 0.2316 0.0316 0.1908** -0.565** 0.024**
(-27.71) (32.21) (1.01) (25.81) (-17.51) (24.63)
TP_MP 0.5145** -0.002 0.499**
(33.89) (-0.071) (20.26)
MOMENTUM 0.2872** 0.3126** 0.266**
(5.72) (5.54) (4.01)
EXTRA_REND_AV 0.6679** 0.7238** 0.751*
(16.03) (15.19) (13.47)
TRADING_ACT 0.688 2.050** 0.944** 1.657* 0.5802 1.889**
(4.90) (9.79) (6.68) (8.83) (3.03) (6.60)
IB_ACT 0.155** 0.223** 0.136* 0.358** 0.089** 0.248**
(2.94) (3.31) (2.45) (5.31) (1.25) (2.72)
COV_AGE -0.020** -0.014** -0.024**
(-9.71) (-7.50) (-8.60)
Adjusted R 0.4826 0.020 0.3397 0.018 0.4792 0.0190
SER 0.2140 0.2946 0.1977 0.2411 0.2289 0.3141
N. observations 7,275 7,275 5,837 5,837 4,140 4,140

Dependent variable: TPE_12M_AV

Entire database

No extreme TP_MP

Reduced overlap

Ind. variables (1) (2) (3) (4) (5) (6)
Intercept -0.6106** 0.292** -0.2267** 0.2285** -0.6047** 0.2879**
(-25.92) (37.38) (-8.87) (37.13) (-16.32) (28.12)
TP_MP 0.5694** 0.2324** 0.551**
(31.33) (11.11) (18.84)
MOMENTUM 0.077* 0.019 0.066
(1.88) (0.54) (1.25)
EXTRA_REND_AV 0.848** 0.0857** 0.897**
(30.51) (30.23) (24.73)
TRADING_ACT 0.2472* 1.579** 0.1521 0.7475** 0.099 1.391**
(1.87) (7.30) (1.32) (4.23) (0.58) (4.80)
IB_ACT 0.042 0.112 0.097* 0.267** 0.068 0.242*
(0.92) (1.58) (2.40) (-4.29) (1.15) (2.59)
COV_AGE -0.016** -0.006** -0.021**
(-7.01) (-3.099) (-7.48)
Adjusted R 0.5817 0.011 0.5222 0.005 0.6045 0.013
SER 0.2034 0.3129 0.1568 0.2263 0.2016 0.3185
N. observations 7,275 7,275 5,837 5,837 4,140 4,140




Table11
Factors affecting the direction of the forecasting errors made by the equity analyst firms: the conflict-of-
interest hypothesis

This table presents the results of estimating the following OoLS regression:
TPERROR j: j:t = @0 + @1 X TP_MP;j.¢ + @2 XEXTRA_REND it t+365) + @3X MOMENTUM + a4 X TRADING_AC T

+ a5 XIB_ACT + dg X COV_AGE + & j.¢

where the variables are defined as follows: TPERRFR MP EXTRA_REND, MOMENTUM: as defined in Table
9; TRADING_ACT, IB_ACT: as defined in Table 18;; : assumed normally distributed error term with zerean
and constant variance. T-statistics in bracketsutite estimated coefficients. *: two-tailed proitigb< 0.05; **:
two-tailed probability < 0.01. White heteroskedeisfi-consistent standard errors and covariance.

The regression has been run on three differenbedaéss, with the same criteria defined in Table 10.

Dependent variable: TPE_ ANY

Entire database

No extreme TP_MP

Reduced overlap

Ind. variables (1) (2) (3) (4) (5) (6)
Intercept -1.018** 0.0028 -1.4478** -0.074** -1.041** -0.025*
(-92.58) (0.30) (-55.70) (-8.81) (-69.13) (-2.03)
TP_MP 0.8543** 1.1752* 0.8699**
(113.41) (57.10) (82.01)
MOMENTUM -0.2358** -0.2483** -0.3954**
(-5.11) (-4.72) (-6.36)
EXTRA_REND -0.7658** -0.8038** -0.8198**
(-29.87) (-29.33) (-23.34)
TRADING_ACT -0.16 -0.6565* -0.3534** -1.878** -0.2044 -0.6001
(-1.17) (-2.37) (-2.68) (-7.59) (-1.12) (-1.63)
IB_ACT -0.4031** -0.7076** -0.2446** -0.6785** -0.4399** -0.6139**
(-7.87) (-8.02) (-4.98) (-8.21) (-6.23) (-5.33)
COV_AGE 0.013** 0.029** 0.008*
(4.90) (12.26) (2.44)
Adjusted R 0.7113 0.009 0.6704 0.0315 0.6948 0.0053
SER 0.2083 0.3858 0.1803 0.3090 0.2216 0.4001
N. observations 7,275 7,275 5,837 5,837 4,140 4,140

Dependent variable: TPE 12M

Entire database

No extreme TP_MP

Reduced overlap

Ind. variables (1) (2) (3) (4) (5) (6)
Intercept -1.127** 0.090** -1.2260** 0.0055** -1.125* -0.06**
(-198.13) (8.35) (-84.80) (-6.00) (-149.76) (-4.30)
TP_MP 1.018** 1.1014** 1.014**
(243.43) (96.17) (180.46)
MOMENTUM -0.1169** -0.1278** -0.1816**
(-4.73) (-4.11) (-5.27)
EXTRA_REND -1.079* -1.069** -1.109**
(-59.73) (-55.25) (-45.59)
TRADING_ACT -0.247* -1.015** -0.3380** -2.199** -0.179 -0.6999
(-3.34) (-3.40) (-4.16) (-8.54) (-1.81) (-1.79)
IB_ACT -0.1019** -0.482** -0.1119**  -0.5560** -0.129* -0.327*
(-3.79) (-4.76) (-3.94) (-5.91) (-3.45) (-2.50)
COV_AGE 0.013** 0.026** 0.006
(4.50) (10.21) (1.67)
Adjusted R 0.9328 0.005 0.8950 0.0241 0.92268 0.0012
SER 0.1115 0.4289 0.1083 0.3308 0.1201 0.4313
N. observations 7,275 7,275 5,837 5,837 4,140 4,140
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